Background: Quantitative real-time PCR (qPCR) is a commonly used technique to quantify gene expression levels. Validated normalization is essential to obtain reliable qPCR data. In that context, normalizing to multiple reference genes has become the most popular method. However, expression of reference genes may vary per tissue type, developmental stage and in response to experimental treatment. It is therefore imperative to determine stable reference genes for a specific sample set and experimental model. The present study was designed to validate potential reference genes in hippocampal tissue from rats that had experienced early-life febrile seizures (FS). To this end, we applied an established model in which FS were evoked by exposing 10-day old rat pups to heated air. One week later, we determined the expression stability of seven frequently used reference genes in the hippocampal dentate gyrus. Results: Gene expression stability of 18S rRNA, ActB, GusB, Arbp, Tbp, CycA and Rpl13A was tested using geNorm and Normfinder software. The ranking order of reference genes proposed by geNorm was not identical to that suggested by Normfinder. However, both algorithms indicated CycA, Rpl13A and Tbp as the most stable genes, whereas 18S rRNA and ActB were found to be the least stably expressed genes.
Background
Febrile seizures (FS) are convulsions associated with fever and occur in 4% of children between the age of 3 months and 5 years [1, 2] . Retrospective studies demonstrate that adult patients with hippocampal sclerosisassociated temporal lobe epilepsy (TLE) have a 40% incidence of FS, suggesting a causal relationship [2] . Also, experimental FS have a long-lasting effect on hippocampal excitability, resulting in enhanced seizure susceptibility [3] [4] [5] . At a cellular level, an altered seizure threshold may come from a change in the expression of proteins that are known to control neuronal excitability (for review see [6] ). Hence, quantification of the post-FS expression of genes that encode receptors, ion channels, etc. might help elucidating FS-induced epileptogenesis.
Nowadays, quantitative real-time PCR (qPCR) is a commonly used tool to quantify gene expression. An advantage of this highly specific and sensitive technique is that it allows analysis on small amounts of starting material [7, 8] . However, measured gene expression levels may be confounded by several variables during the multistep procedure of isolating and processing RNA e.g. the amount and quality of starting material, enzymatic efficiency and variability between tissues or cells in overall transcriptional activity [9] [10] [11] . Internal reference genes are most frequently used to normalize methodology-induced variations in qPCR studies [9, 12] . Until recently, 'housekeeping genes' (HKGs) such as glyceraldehyde-3-phosphate dehydrogenase (GAPDH), 18S subunit ribosomal RNA (18S rRNA) or beta-actin (ActB) were commonly used as reference genes, also in neurobiological studies. HKGs are continually read and encode for products that are necessary for the metabolism and existence of a cell. They are supposed to be invariably expressed under different experimental conditions. However, the expression of these classical reference genes may vary per tissue type and developmental stage, and may even vary in response to experimental treatment [13] [14] [15] [16] [17] . Hence, validation of suitable reference genes for a specific sample set and experimental model is imperative to obtain consistent gene expression data. In addition, it has been shown that the accuracy of qPCR data further improves when at least three reference genes are used for normalization [9] .
Although recent studies have validated reference genes for rat brain tissue in different experimental conditions [18] [19] [20] [21] , to our knowledge there is thus far no report of validated reference genes in hippocampal tissue from rats that have been exposed to experimental FS. Therefore, we used an established model where FS are evoked by exposing 10-day old rat pups to heated air [22] . One week later, we evaluated the expression stability of seven frequently used reference genes in the hippocampal dentate gyrus (DG). To this end, we used two different mathematical algorithms (geNorm [9] and Normfinder [23] VBA applets for Microsoft Excel) for normalization.
Results
Seven reference genes (ActB, beta-actin; CycA, Cy-clophylinA; 18S rRNA, 18S subunit ribosomal RNA; Rpl13A, Ribosomal protein L13A; Tbp, TATA box binding protein; GusB, beta-glucuronidase; Arbp, Acidic ribosomal phosphoprotein P0) were chosen from literature [18, 24] and evaluated for gene expression stability in DG samples from 9 controls, 6 FS-and 7 FS+ rats. Despite its widespread use, GAPDH was not included as a candidate reference gene since other authors showed it to be unstable using the same algorithms applied in the current study [18, 20] . To avoid coregulation, reference genes were selected from different functional classes. PCR efficiency of the reference genes was situated between 99.96% and 113.89% (Table 1) .
Cycle threshold values of candidate reference genes
When all samples were taken together, the reference genes showed cycle threshold (Cq) values varying from a Cq value of 15.40 for Arbp to 31. 22 Figure 1 ). Cq standard deviations provide a first idea about the variability in expression, ranking from most to least variably expressed as 18S rRNA > ActB > Arbp > GusB > Tbp > Rpl13A > CycA.
Validating candidate reference genes
geNorm is used to determine the average expression stability (M value), based on the average pairwise variation between a particular gene and all other reference genes in the study. With the exception of 18S rRNA, all genes did show high expression stability, indicated by M values below the default limit of 1.5 suggested by the geNorm software (Figure 2A ). Based on the M values, CycA and Rpl13A were the most stably expressed genes. It is commonly known that normalization to multiple reference genes is advisable, as the use of a single gene may introduce normalization errors. In that respect, geometric averaging of multiple reference genes is a proven method to calculate an accurate normalization factor [9] . The optimal number of reference genes to be used for normalization can be determined by pairwise variation between two sequential normalization factors (NF n and NF n+1 ), starting with genes with the lowest M value. This analysis learned that for this dataset, the use of five reference genes is optimal when a variation value (V n/n+1 ) < 0.15 is considered as not significantly improving the accuracy ( Figure 2B ). However, inclusion of the fourth (V 3/4 = 0.176) and fifth (V 4/5 = 0.153) most stable gene causes only slight differences in the pairwise variation value ( Figure 2B ). The stability ranking of the candidate reference genes determined by geNorm was compared with Microsoft Excel-based applet termed Normfinder. This algorithm provides a stability value for each candidate reference gene and ranks the genes according to their expression stability in a given sample set and experimental design. Normfinder also identified Rpl13A as one of the most stably expressed genes, and 18S rRNA as the least stable gene ( Figure 3A ). Yet, Tbp was identified as the most stably expressed gene. This algorithm enables to calculate an Acc.SD, which is an indicator of the optimal number of reference genes necessary to obtain an accurate normalization factor. By this approach, we found that an Acc.SD of 0.119 using one gene could be lowered to 0.054 when six genes were included ( Figure 3B ). Most of this decrease in Acc.SD was attributable to the first three genes (Acc.SD = 0.072). The ranking order of reference genes proposed by geNorm was not identical to that suggested by Normfinder. However, both algorithms indicated CycA, Rpl13A and Tbp as the most stable genes, whereas 18S rRNA and ActB were found to be the least stably expressed genes ( Table 2) .
Influence of different normalization approaches on the expression profile of a gene of interest
To demonstrate the importance of choosing sufficient and stably expressed reference genes, we normalized the expression of the cannabinoid type 1 receptor gene Cnr1 to different normalization factors. This gene of interest was chosen because it was previously shown that hippocampal protein levels of this receptor are significantly increased one week after experimental FS [25] . Here, we first normalized Cnr1 to the geometric average of the three reference genes (CycA, Rpl13A and Tbp) that were indicated as most stably expressed by geNorm and Normfinder analysis. This resulted in a significant upregulation of Cnr1 in FS + rats, compared to controls ( Figure 4A ). Inclusion of the fourth most stable gene suggested by geNorm, Arbp, in the normalization factor did not change Cnr1 expression levels ( Figure 4B ). However, the significance of Cnr1 upregulation disappeared when the signal was normalized to the two commonly used reference genes 18S rRNA and ActB, which were identified as the most unstable genes by both algorithms ( Figure 4C ). This normalization strategy also caused a strong increase in the standard error.
Discussion
Validated normalization is crucial to obtain reproducible qPCR data of genes of interest. In this context, normalizing to internal reference genes has become the most popular method to control for experimental errors introduced by the multitude of steps in this analysis. Several studies point out that the expression of reference genes may vary under different experimental conditions [13] [14] [15] [16] [17] . This implies the necessity of validating these genes in each new experimental setup. To our knowledge, this is the first study that describes the stability of 18S rRNA, ActB, GusB, Arbp, Tbp, CycA and Rpl13A in the DG of rats one week after FS. Both, geNorm and Normfinder were used to rank the analyzed reference genes by their expression stability. This rank order differed slightly between both methods, probably because both tools are based on different mathematical models. Other studies have also described similar ranking discrepancies between geNorm and Normfinder [18, 24] . Interestingly though, both programs agreed on the three most stably expressed genes, being CycA, Tbp and Rpl13A. These converging results stress the significance of including these genes in the normalization factor. In addition, both programs also agreed on ActB and 18S rRNA as the least stably expressed genes. Comparison of these data with those of recent studies revealed similarities and differences. For instance, Bonefeld et al. [20] validated eight reference genes in rat hippocampal tissue and also identified CycA and Rpl13A as the most stably expressed genes and ActB and 18S rRNA as the least stable genes. Also Pernot et al. [18] found that CycA and Tbp were stably expressed in hippocampus samples from a mouse model of TLE, obtained across different phases of the disease. However, in contrast to our study they also observed a stable ActB expression. This discrepancy emphasizes the importance of validating reference genes in each experimental model.
Accurate normalization requires inclusion of multiple reference genes. Geometric averaging of the most stable reference genes is a validated method to obtain a reliable normalization factor [9] . Based on a cut-off value of 1.5, geNorm indicated that the normalization factor should be based on five reference genes. However, according to the geNorm manual, this cut-off value can be set differently. geNorm calculates the optimal number of reference genes by pairwise variation analysis. In that respect, the trend of changing V values after adding additional genes can be used to obtain an estimate of the number of genes that should be included in the normalization factor. Determination of the optimal number of reference genes is always a trade-off between accuracy and practical considerations, but a minimum of three most stable reference genes is generally recommended [9] . As indicated in Figure 2B , a pairwise variation of 0.198 was observed after adding the third most stable gene. Inclusion of the fourth or fifth most stable gene influenced only slightly the pairwise variation. The high V 6/7 is caused by the high average M value of 18S rRNA, indicating that this gene is highly variably expressed under the present experimental conditions. The Acc.SD calculated by Normfinder suggested the use of six reference genes, though the additive value of genes four to six is minimal. Considering the pairwise variation values, the Acc.SD, and practical issues such as the available amount of RNA, we conclude that the geometric mean of CycA, Rpl13A and Tbp should be used to obtain an accurate normalization factor in this experimental setup. If the 
RNA yield allows the inclusion of an extra reference gene,
GusB and Arbp may be added to this panel. These data also show that 18S rRNA is unfit as reference gene in this model. Inclusion of the geNorm/Normfinder selected reference genes in the normalization factor, revealed an increased Cnr1 expression in animals that experienced FS (FS+). This finding is in agreement with quantitative western blot data from Chen et al. [25] . This upregulated Cnr1 disappeared when expression levels were normalized to ActB and 18S rRNA, underscoring the suggestion that these 'classical' reference genes are not suitable for our experimental setup. In line with this observation, several studies have reported that including 18S rRNA or ActB in the normalization factor altered mRNA expression levels compared to normalization to geNorm proposed genes [18, 20] . As a possible explanation for erroneous normalization when 18S rRNA is used as reference gene, it has been suggested that this may relate to an imbalance between messenger RNA and ribosomal RNA [17] .
Conclusions
In conclusion, the present study describes the expression stability of seven candidate reference genes in the hippocampal DG of rats, one week after FS. Our results demonstrate that the geometric averaging of at least CycA, Rpl13A and Tbp allows a reliable interpretation of mRNA expression data in this experimental set-up. These data also show that ActB and 18S rRNA are unfit to serve as reference gene in this model.
Methods

Induction of febrile seizures and tissue sampling
Litters of 5-10 male Sprague-Dawley rat pups (Harlan, Horst, The Netherlands) were housed with a dam under temperature controlled conditions and 12 h dark-light cycle with water and food ad libitum. At postnatal day 10, FS were evoked by hyperthermia as described before [26] [27] [28] [29] . Briefly, pups were injected subcutaneously with 0.2 ml 0.9% NaCl to prevent dehydration, placed in a perspex cylinder and exposed to a regulated stream of heated air. Rectal temperatures were monitored every 2.5 min. A core temperature >39.5°C (usually reached within 5 min) indicated the start of a 30 min hyperthermia phase in which the heated air stream was adjusted to maintain a core temperature of 41-42.5°C. Behavioral seizures occurring during treatment (FS+), were monitored by two observers. These seizures were stereotyped and previously shown to correlate with rhythmic epileptic discharges in the hippocampus [26] . Some rats did not display seizure behavior during the hyperthermia phase (FS-). The hyperthermia phase was terminated by dipping the pup in room temperature water, until the pretreatment body temperature was reached and then returned to the dam. Normothermia control rats underwent the same treatment, except that the stream of air was adjusted to maintain the body temperature that was measured at the start of the experiment (~35°C [30] .
Data analysis
RNA copy numbers were quantified using the comparative ΔΔCt method as follows. Raw Cq values were first transformed to quantities. These raw reference gene quantities that are expressed relative to the sample with the highest quantity, served as data input for geNorm [9] or Normfinder [23] . The geNorm algorithm provides a measure of gene expression stability (M value) and determines the optimal number of reference genes using pairwise variation (V) analysis. In contrast to ge-Norm, Normfinder estimates not only the overall expression variation of the candidate reference gene, but also the variation between sample subgroups. The output of Normfinder consists of a stability value based on both intra-and intergroup expression variation. The Accumulated Standard Deviation (Acc.SD), as indicator for the optimal number of reference genes, was determined using GenEx software. For each sample, the normalization factor based on n reference genes was calculated as the geometric average of the n raw reference gene quantities. Data are presented as mean ± standard error of the mean (SEM). Statistical analysis was performed using Graphpad Prism5 software. Differences between means were tested using the Mann-Whitney test. A value of P < 0.05 was considered as statistically significant.
Additional file
Additional file 1: Supplementary Table -Cq values of candidate reference genes. Table of Cq values of all candidate reference genes evaluated in the microdissected dentate gyrus in each experimental condition. Normothermia controls (n = 9); FS-, hyperthermia without febrile seizures (n = 6); FS+, hyperthermia with febrile seizures (n = 7).
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